
Triune Digitals 
How to optimize content for LLMs



From Deterministic Ranking → Probabilistic 
Reasoning



How LLMs Answer a Question (End-to-End Process)

LLMs retrieve, reason, and synthesize before generating an answer



How AI Answers: “Are piano apps good for learning?”

User asks: Are piano apps good for learning piano?
AI Search does 3 things:
1. Retrieve
● Fans out the question into sub-questions:
● Pulls passages (not pages) from:

Not websites → passages

2. Verify
● Cross-checks claims across multiple sources
● Looks for expert agreement
● Weighs authority and credibility
● Detects consistent patterns

3. Synthesize
● Combines findings into one structured answer
● Explains pros and limitations
● May reference sources
● Doesn’t just show links



What Are Vector Embeddings?

Embeddings turn meaning into numbers - allowing LLMs to search by similarity, not keywords



RAG = Retrieval-Augmented Generation
The AI looks up information first, then answers



What Is Query 
Fan-Out?One question becomes many smaller questions behind the scenes

Query Fan-Out is a concept from modern search 
systems (especially LLM-powered search and AI 
Overviews) that explains what happens when one 
user question is automatically expanded into 
multiple internal sub-questions behind the scenes.

Why it matters
In modern AI search, you are no longer optimizing 
for one single query.
You are optimizing for:

● Multiple derived questions
● Different user intents
● Supporting angles and facts

The system doesn’t just search what you typed - it 
explores everything related to it.

Query Fan-Out = A single user query is 
decomposed into multiple related sub-queries so 
the system can retrieve, verify, and synthesize a 
stronger, more complete answer.

Another useful Source

https://rankmath.com/seo-glossary/query-fan-out/


What Is a “Chunk” in LLM Retrieval?

A chunk is a small, self-contained section of content that an LLM retrieves instead of the entire page.
Why Chunking Matters
● Makes content easier to read and scan for users
● Helps AI and search engines identify the specific parts of a page that answer queries.
● Improves the chances your content is used in AI Overviews, featured snippets, and rich results. 

How Chunking Works
● Divide content into logical sections with clear headings.
● Each section should focus on one topic or question.
● Use short paragraphs, lists, and bullet points to improve clarity.
● Make each section independently meaningful so AI can extract it easily.

Benefit for AI and Search
AI systems use passage-based retrieval - they don’t scan the page as a whole but extract the best chunk that matches 
a query. Good chunking creates multiple opportunities for your content to be selected and featured.

Simple Principle
Chunking = Break content into clear, standalone units that each answer a specific idea.

Source

One paragraph = one idea. That’s the rule.

https://searchengineland.com/guide/content-chunking-seo


User asks: “Are piano apps good for beginners?”

🔎 RETRIEVAL STAGE - Where Query Fan-Out 
Happens

The AI does NOT search this exact sentence only.
Instead, it expands it into many internal 
sub-questions to fully understand the topic.

Example of internal fan-out queries
Behind the scenes, the system might generate 
questions like:
• What are piano learning apps?
• Are piano apps effective for beginners?
• Do apps teach proper finger technique?
• Can piano apps replace a teacher?
• etc

None of these are typed by the user. The system 
generates them automatically.

What the system retrieves
Now it pulls passages (not pages) from:

● Music education blog articles
● Piano teacher interviews
● Academic studies on digital learning
● Reviews of piano apps
● Reddit or forum discussions
● YouTube lesson transcripts
● App comparison websites

Think of it like:
Reaching into the “balloon” of the internet
and grabbing hundreds of small content chunks.

NOT:
“This page ranks.”

BUT:
“This paragraph answers one sub-question well.”

Modern AI search optimizes for passages that answer sub-questions - not just pages targeting 
one keyword.



VERIFY - Is this information trustworthy?

Now the AI has gathered a lot of information.

Next question: “Can I trust this?”
How the AI checks
It compares what different sources say.
It asks:

● Do several reliable sources say similar things?
● Are music teachers mentioned?
● Are the claims consistent?
● Are there real examples or studies?
● Are trusted websites involved?

Example
If one random blog says: “Piano apps make you a 
professional in 30 days.”

But many trusted sources say:
● Apps help beginners practice consistently
● Apps are good for motivation
● Apps do NOT fully replace a teacher

The AI sees a pattern.
And thinks: “The balanced answer is probably 
correct.”

Why this matters
If your content is:
● Mentioned by trusted sites
● Referenced multiple times
● Consistent across sources
● Supported by examples

Then it looks more trustworthy.

Simple way to explain it

The AI doesn’t believe one loud voice.

It trusts repeated, consistent information from 
reliable sources.

Compare → Cross-check → Confirm → Then answer



SYNTHESIZE - Build the Answer

Now the AI does something different.
It does NOT say: “Here are 10 websites. Go read 
them.”
Instead - It writes the answer itself.

What “synthesize” means
● What it found
● What it verified
● What most trusted sources agree on

And combines it into one clear answer.

Simple way to explain it
● Retrieve = Find information
● Verify = Check if it’s trustworthy
● Synthesize = Combine everything into one 

clear answer

Example

User asks: “Are piano apps good for beginners?”

After retrieving and checking, the AI may answer:

“Yes, piano apps are helpful for beginners because they 
provide structured lessons, instant feedback, and flexible 
practice. However, they work best when combined with 
regular practice and sometimes guidance from a teacher.”

That answer is not copied from one site. It is built from many 
sources.

The AI doesn’t just show results. It thinks → compares → and builds the final answer



How LLMs Check Information (What Really Matters)

The simple truth

LLMs don’t “decide what’s true.”

They look for:
● Repeated information
● Trusted sources
● Agreement across different websites

If many independent sources say similar things, the AI treats it as more reliable.



1. Agreement Across Sources (Most Important)

LLMs strongly rely on consensus.
If:
● Many separate websites say the same thing
● Experts say similar things
● The conclusions are consistent

→ The information is treated as high confidence.

Piano example
If 15 trusted music blogs say: “Piano apps are good for beginners because they offer structured 
lessons and practice tools.”
That idea becomes strong and trusted. But if only 1 random blog says: “Piano apps make you a 
professional in 2 weeks.” That claim is treated as weak.

Key Idea
● The AI trusts patterns, not loud opinions.
● Agreement > originality

One website alone = weak
Many websites agreeing = strong



2. Source Authority Signals - Who Is Saying It Matters

LLMs give more weight to information from:
● Well-known brands
● Trusted publishers
● Universities or experts
● Websites often referenced by others

It’s not only what is said. It’s also who says it.

Piano example
If a respected music academy says: “Piano apps help beginners build rhythm and finger strength.”
That carries more weight than a random forum post.



4. Entity Consistency- Clear Concepts

An entity is a recognizable thing with clear meaning.

LLMs check if ideas connect properly. Are the relationships logical? Do concepts make sense together?
Examples of entities:
●  “Piano app”
●  “Beginner”
●  “Music teacher”
●  “Practice routine”

LLMs check:
● Do these entities behave consistently?
● Do the relationships between them make sense?

Piano example 
Correct connections:
● “Piano app” → practice exercises
● “Beginner” → basic lessons
● “Music teacher” → feedback

Wrong connection: “Piano app replaces all teachers instantly.”

That breaks entity logic. If your content mixes things incorrectly, trust drops. Clear definitions increase trust.



5. Statistical & Data Reinforcement

*Proof makes information stronger

LLMs give more weight to statements supported by:
● Numbers
● Studies
● Timeframes
● Real examples

Specific details increase confidence.
Piano example
● Stronger statement: “Students who practiced with piano apps 4 times per week improved accuracy by 25% 

in 6 weeks.”
● Weaker statement: “Piano apps work really well.”

The first one is measurable. The second one is vague.

Why this matters
Data helps the AI see:
● Clear cause and effect
● Real-world results
● Evidence instead of opinion

The more specific the proof, the stronger the verification.



6. Temporal Validity (Freshness)

*Newer information is stronger

LLMs prefer:
● Recent information
● Updated content
● Especially in fast-changing fields

Piano example
If a blog says: “Best piano apps in 2016.” That may be outdated.

But: “Best piano apps in 2024, with updated features and pricing.”
That is stronger.

Why this matters
Keeping content updated increases:
● Trust
● Relevance
● Verification confidence

Fresh information = stronger signal.



7. Avoid Extreme or Clickbait Claims

LLMs suppress:
● Extreme promises
●  Emotional exaggeration
● “Secret trick” language
● Overhyped claims

Piano example

Weak claim: “This piano app will make you a master in 7 days!”
Stronger claim: “Consistent practice with this app can improve beginner skills over time.”

What LLMs Do NOT verify well
●  Absolute truth
● Private information
● Brand-new claims with no sources
● One-off opinions

If something isn’t widely repeated, it’s treated as weak.



Query Fan-Out Simulation - Example 1

Step 1 - Original User Query
“How to read bass clef on piano”

Simulation Using Your Exact Prompt:
Read the document and extract a list of questions that are directly and completely 
answered by full sentences in the text. Only include questions if the document contains a 
full sentence that clearly answers it. Do not include any questions that are answered only 
partially, implicitly, or by inference.

Source

https://www.searchenginejournal.com/googles-ai-mode-what-we-know-what-experts-think/555482/


Query Fan-Out Simulation - Example 2

Use a Query Fan-Out Simulator

https://aicoverage.locomotive.agency/


Generated Query Variations: What Is This Table 
Showing?

This table shows: How many intent dimensions your content 
must satisfy, 
Not just: “How to read bass clef on piano”
But:

● Practice
● Tools
● Apps
● Comparison
● Adults
● Etc

AI does not treat this as one question. It expands it into 
multiple intent types:

● Reformulations - Same meaning, different wording
● Entity expansions - Specific sub-topics (ledger lines, 

middle C)
● Related concepts - Treble clef relationship, grand 

staff
● Comparative intent - Best apps, difficulty 

comparison
● etc

What this means
One keyword = Multiple hidden user intents
AI evaluates whether your content covers all of them -
not just the main phrase.

The real takeaway
This is not keyword optimization. This is multidimensional 
intent coverage.



How to Optimize for Query Fan-Out
Write for Sub-Questions (Explicit Fan-Out Coverage)
When someone searches: “How to read bass clef on piano?”
An LLM does NOT retrieve one answer.
It fans out into:

● What is the bass clef?
● Why is it called the F clef?
● What are the bass clef lines and spaces?
● How do ledger lines work in bass clef?
● Where is middle C in bass clef?
● etc

If your page answers only the headline question,  it loses most retrieval chances.

❌BAD Example (Single-Layer Answer)
Bass clef is used for lower notes on the piano and is played with the left hand.
Why this fails:

● No sub-questions answered
● Too generic
● No entities
● One paragraph = one chunk = low recall

✅ GOOD Example (Explicit Sub-Questions Answered)
● H2: What Is the Bass Clef in Piano Music?

The bass clef, also called the F clef, is used to notate lower-pitched notes in piano music and is typically played by the left hand.
● H2: Why Is It Called the F Clef?

The bass clef symbol surrounds the note F on the staff, marking F3 as a reference point for reading other notes.
● H2: Where Is Middle C in Bass Clef?

Middle C (C4) is written on the first ledger line above the bass clef staff and connects the bass and treble clef in the grand staff.

Each section = one fan-out query satisfied.



Section-Level Completeness (Each Chunk Must Stand 
Alone)

LLMs retrieve chunks, not pages. If a section starts with: “Why this matters…” it gets skipped because it has no 
context.

❌ BAD Section
H2: Why This Matters
Reading bass clef is important for beginners.
Problems:

● No subject
● No answer
● No entity
● Useless alone

✅ GOOD Section
H2: Why the Bass Clef Matters in Piano Music
The bass clef (F clef) matters because it represents the lower register of the piano keyboard and allows pianists to 
read bass lines, left-hand chords, and harmonic foundations below middle C (C4) on the grand staff.
Why this works:

● Clear topic
●  It explains why (function + purpose)
● Named entities (C4, grand staff)
● Works in isolation

Rule of thumb:  If I paste this H2 + paragraph into ChatGPT alone, does it answer something?



Avoid Vague Language (LLMs Punish Hedging)

LLMs prefer assertive, factual statements.
Avoid:

● can
● may
● sometimes
● possibly
● in many cases

❌ BAD (Hedged)
Bass clef can sometimes be used for lower notes.
Why this fails:

● No confidence
● No mechanism
● No precision
● Low trust signal

✅ GOOD (Assertive + Specific)
The bass clef is used to notate lower-pitched notes on the grand staff and is primarily read by the pianist’s left 
hand.
Extra strong version:
The bass clef (F clef) defines the position of F3 on the staff and organizes lower notes below middle C (C4) in piano 
notation.

LLMs love:
● verbs: improves, increases, reinforces
● mechanisms: by eaming, by increasing
● outcomes: rankings, trust, authority



Entity Reinforcement (Where Most Piano Articles Fail)

Entities help LLMs connect fan-out queries to known concepts.
Use real music theory entities:

● Bass Clef
● F Clef
● Treble Clef
● Grand Staff
● etc

❌ BAD (Entity-less)
Bass clef works by showing lower notes.
This is invisible to LLM graphs.

✅ GOOD (Entity-Rich)
The bass clef (F clef) marks F3 on the staff and is used in the lower half of the grand staff to represent notes below 
middle C (C4) on the piano keyboard.

Even better:
Bass clef reading is reinforced through recognition of staff lines (G-B-D-F-A), spaces (A-C-E-G), and their 
relationship to the piano keyboard layout.

Now the content anchors to:
● Named notes
● Note sequences
● Formal terminology

This massively improves fan-out matching.



Core Query Fan-Out Checklist

Before publishing:

● Does each H2 clearly answer one specific query?
● Can each section stand on its own?
● Is the answer direct and confident (no hedging)?
● Did I include real, recognizable entities?
● Would an LLM confidently extract and quote this section?

If yes → You’re optimized for Query Fan-Out.


